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What is Amazon Kendra?

Kendra's suggested answer

Amazon Kendra is a highly accurate and easy to use enterprise search service that's powered by machine learning.
Kendra delivers powerful natural language search capabilities to your websites and applications so your end users

can more easily find the information they need within the vast amount of content spread across your company.
Key Benefits of Kendra
Ask natural language questions, get immediate answers

Use natural language questions instead of just simple keywords to get the answers you're looking for, whether that is
a precise answer, an FAQ, or an entire document. Say goodbye to sifting through long lists of links and hoping one
has the information you need.

Bring all of your data together in a few clicks

Get rid of information silos. Kendra lets you easily add content from file systems, SharePoint, intranet sites, file
sharing services, and more, into a centralized location so you can quickly search all of your information to find the
best answer.

Constantly improving search results

Your results get better over time search, because Kendra's machine learning algorithms learn which results your
users find most valuable. You also have the option to fine-tune results by manually adjusting the importance of
certain data sources or document freshness.
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* Have the predictor variable in the first column
e Not have a header row

o

But first, let's convert our categorical features into numeric features.

® [ 1: model data - pd.get dummies(churn)
model data - pd.concat([model data[ ], model _data.drop([

A -
And now let's split the data into training, validation, and test sets. This will

‘\ help prevent us from overfitting the model, and allow us to test the models
accuracy on data it hasn't already seen.

[ 1: | train_data, validation_data, test data - np.split(model data.sample(frac

train_data.to csv( » header » index se)

™M validation_data.t sv( » header » index-Fa )
e

i Now we'll upload these files to S3.

%g. [ 1: |boto3.Session().resource( ).Bucket(bucket).0Object(os.path.join(prefix,
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Amazon SageMaker Notebooks
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; 7\ ) n . Create shareable snapshot
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: l E\\ ? j > 73\ Ll E | E E A the notebook instance was created). If the reposi  ghare as are
N\ I L__ I_ _I will need to retrieve ECR credentials to pull this f P noteBoSIIBYRD
AY
¢ / \\J C“ \\J
algorithm_name-pytorch extending our ce
~
=/

—_— .l-\b N S Cancel Create snapshot
T J70]gE : .

account- (aws sts get caller identity query Account output text)
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Eis sh £4 Include Git repo information

[ Include notebook output

region- (aws configure get region)
region {region: us west 2}

fullname

aws ecr describe repositories repository names dev null

3
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